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[ Abstract ]

between public health and big data, forming an emerging concept which is healthy big data. It will produce a profound influence

With the speeding process of medical health informatization construction," Fierce Collision" occurs

on people’s health in the future. This paper introduced the basic concepts and characteristics of healthy big data, briefly described
the correlative technique of processing healthy big data in the area of public health, emphasized on the prediction and prevention
of disease, evidence —based decision — making in public health, health management, health monitoring, personalized medical
service and other aspects, and pointed out the main challenges, such as medical ethics, key technology breakthroughs,"
errors" identification and so on, with a view to better promote big data application to play a positive guiding role in public health.
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